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1 Fmd how a sequence

- of stresses from lyrics is
matched with the melody.
~we call this a pattern.

2.Generate a melody
automatically for given
lyric according to
~ patterns found in Taks1
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I'm at a payphone, trying to call home. All of my change | spent on you. Where have the times gone Create!

Fig.1: User interface
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e éccordlng to
freuuent patterns
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“Working Principle \

~ The 'pfoject mainly consists of five parts

1. Preprocessing

; Lyric and melody of midi songs were
| digitalized with the help of CMU
ronouncing Dictionary and NoteWorthy.

ind sub-frequent patterns
Patterns with occurrence frequency larger
cified threshold in every midi song
ked as sub-frequent patterns.

3. Establish frequent pattern pool
 After getting sub-frequent patterns, we
i ased them as “ordinary” and then found
‘fent patterns in the range of the all
idi songs to form the frequent pattern pool.

4. Match lyric with melody
Lyrics input by users were matched with
certain notes based on frequent pattern pool.

5. Enhance music quality
Additional features like speed, beat, major

BaS|c flow of how to generate melody
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~ were added to improve the quality of melody

F|g 3 NoteWorthy

Sub Frequent Pattern Set F(s)

Song 1 = F(s1)
Song 2 = F(s2)

Song 3 o F(s3)

Song 4 = F(s4)

& Length range: 2-10 <] Length range: 2-10 Pattern Set
: Threshold:T1 : Threshold:T2 F

Songn2 & o F(sn-2)

All Frequent

Song n-1 = F(sn-1)
Song n = F(sn)

Fig.4: Procedure of forming frequent pattern"‘ pbé’lff

)coso %'

o R e T el R




- TMURERER E Zheia - s T s gl

Digital input lyric from user:
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I olect Weuas@hshed music library by retrieving midi files with dlfferent styles, :
the Iy: ¢ and melody information of songs in the music library. We used the pitch of |
ress of English words as features for data mining and generated a pool of 5
Wlth these patterns we generated new melodies given Iyrlcs and also used’ :
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3.WIH you recommend our webpage to your friends?
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4. How 30 you rate cur overall project?
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S.Any more Improvement for cur wabpage?



